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Intervention Effectiveness

Participation Models

The social accountability frame argues that by helping citizens recog-
nize what they are owed by their governments, they can be mobilized
to act for positive change. Our intervention focused on providing peo-
ple information about community health services and varying the sorts
of incentives and knowledge about neighbor participation that each vil-
lager received.

Introduction

In Uttar Pradesh, a state of over 200 million people in
northern India, negative childhood health indicators have
remained among the highest in the world despite multiple
initiatives to improve them. Social accountability (SA) in-
terventions, which seek to empower community members
and facilitate monitoring of public healthcare providers and
local officials, seem promising based on small-scale effi-

Village Social Organization

Household Network Structure

Villages differ significantly in how social relations are structured. As
a first step in exploring the diversity of network structures, we clus-
tered villages across a set of common cohesion, centralization and
relational embeddedness, then used exponential random graph
models to summarize generative features in each network.

Household Network Structural Profiles

cacy studies. Increased accountability should lead to im-
proved provider performance and service delivery. How
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Decentralized

To estimate network intervention effects we build a statistical model for
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Data & Design
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HSSP) and the Uttar Pradesh State Institute for Rural
Development (SIRD) for implementing the SA inter-
ventions.
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